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(c) var(6?).
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In geneval : E(x*] = var(x) + (Efxl)z.
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5. Let {X3,...,X,} be a sample from a Poisson distribution with parameter A
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P{Xi=j}=

(a) Find a minimal sufficient statistic for A, say 7.

(b) Suppose we are interested in estimating probability of a count of zero § = P{X = 0} =
. Find an unbiased estimator for 0, say ;. (Note P{X = 0} = E[1{X = 0}].)

(c) Is the estimator in (b) a function of the minimal sufficient statistics 77

(d) Use the definition of a sufficient statistic and an unbiased estimator, show that the esti-
mator 6, = E[f,|T] is also unbiased and MSE(6,) < MSE(8,).

(¢) Based on (d), find an analytic form of 6,.
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